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Appendix A: Experimental details
Our online experiment was composed of two components: the mTurk interface used to
recruit and pay subjects and an external experiment website where subjects made their
choice decisions.
Using the mTurk interface, we (as the recruiter) released an ad for a task (“HIT” for
Human Intelligence Task) which could be viewed by online workers (turkers). All turkers
that satisfy the required criteria can view a description of the HIT (in our case, we required turkers to have a US based account and a completion record of 95% or greater).
Our HIT description was a short description of the experiment that included a unique
HIT passcode along with a link to our experiment webpage, which was hosted on a private server. Turkers could either accept or decline the HIT once they read the description. If a turker accepted the HIT, he would click on the link to the external experiment
website and enter his unique mTurk identifier and the HIT passcode. The passcode was
unique per HIT and one-time use. The passcode would expire after the turker completed
the experiment. This prevented a turker from completing the HIT multiple times. Figure 1 provides an example of one of our HIT descriptions.
Once subjects logged into the external experiment website, they consented to the experiment, read the instructions, answered a short quiz to indicate understanding, made
their choices, and were then informed of their bonus payment (determined by a random
number computer generator) and received a unique completion code. Subjects then entered the completion code back in the HIT page in the mTurk interface to complete the
HIT. Figures 2 and 3 provide a set of example instructions and questions from treatment
L1, and Figure 4 shows the question in treatment P1. Instructions and questions from
other treatments were similar.
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Figure 1. Mechanical Turk HIT description.

Subjects were linked in our dataset (that contained the choice and payment data) to
the mTurk site by both their mTurk identifier and their completion code. This allowed us
to match a turker’s account with his payment information recorded in our dataset, and
pay the turker accordingly.
Subjects were paid a flat rate payment for completing the HIT and earned a “bonus”
based on their choices. In our experiment, the payment corresponded to the show-up
fee and the bonus corresponded to the incentivized payment. Payments must be set
equal for all turkers who complete a HIT in the same batch, but bonuses may differ.
Both payments and bonuses are at the recruiters discretion, thus turkers do not need to
be paid unless they complete the task. We offered a payment of $1 for completing the
HIT, and a bonus of $0, $3, or $4 corresponding to the risky outcomes in our lotteries.
Bonuses depended upon the element of chance described in the RIS, the lotteries and
the subject’s choices. All payments were in American dollars. Subjects completed the experiment (HIT) by submitting a completion code generated by our website to the mTurk
interface. A random number generator was used to resolve all risks automatically, and
subjects were informed of how much of a bonus would be paid after completing the
study. Payments were credited to subjects’ mTurk accounts within 30 minutes of completing the experiment.
A recruiter can recruit n subjects for an experiment by releasing a “batch” with n
HITS. These tasks can be identical or individualized by the inputs in a csv file. We used
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Figure 2. Instructions for treatment L1.

individualized tasks differentiated by unique HIT passcodes. A batch with n HITs recruits
n different subjects. However, different batches of HITs could potentially be completed
by the same subjects who completed HITs in different batches. The mTurk interface has
no method to block turkers who have completed a HIT in a previous batch from completing future HITs. Our external experimental interface prevented this by blocking such
subjects by matching entered mTurk identifiers with a list of those who had previously
completed a HIT (this list was automatically updated each time a turker completed a
HIT). We also built in a secondary feature to ensure subject uniqueness by recording a
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Figure 3. List for treatment L1.
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Figure 4. Pairwise choice for treatment P1.

subject’s IP address when he completed a HIT. We could then cross-check the list of IP
addresses to ensure that the same IP address did not appear for multiple subjects.
Appendix B: Review of experiments on mechanical turk
As a large online labor market, mTurk provides a convenient way to recruit and pay
subjects over the internet. It allows researchers to economize on costs and experiment
on a different population from undergraduates, and has been advocated as a platform
for recruiting subjects by psychologists studying judgement and decision-making (Mason and Suri (2012), Paolacci, Chandler, and Ipeirotis (2010), Buhrmester, Kwang, and
Gosling (2011)), political scientists (Berinsky, Huber, and Lenz (2012)), and economists
(Horton, Rand, and Zeckhauser (2011)). A potential downside of running experiments
on mTurk is that subjects complete the experiment from their home computer, and not
in a controlled lab environment, making it difficult to know for sure who the subjects
really are and how much attention they are paying to the tasks. Paolacci, Chandler, and
Ipeirotis (2010) found that the population of US-based turkers who participate in experiments is heterogeneous and is more representative of the US population than typical
undergraduate samples, and that turkers pay as much attention to experimental tasks
as undergraduates in a lab. Paolacci, Chandler, and Ipeirotis (2010) and Horton, Rand,
and Zeckhauser (2011) showed that some standard experimental results in the judgement and decision-making literature can be qualitatively and quantitatively replicated
using turkers.
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