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Guide for the Replication of Figures and Tables



1. Description

This package contains all replication materials for the results presented in Blanco, Diaz de Astarloa, Drenik, Moser, and Trupkin (2022). That paper is split into three parts. Part A of the paper is based on the administrative dataset Sistema Integrado Previsional Argentino (SIPA) and presents standardized statistics pertaining to earnings inequality and dynamics in Argentina between 1996 and 2015. Part A+ is based on the household survey data Encuesta Permanente de Hogares (EPH) and compares the statistics produced using the SIPA and the EPH dataset. Part B of the paper is based on SIPA and presents an in-depth analysis of nominal wage adjustments under low- and high-inflation regimes in Argentina between 1996 and 2015. Each of the three parts of the paper has associated with it a separate set of codes, which are made available as part of this replication package.


2. Data files

The first part of the paper is based on the administrative dataset SIPA. Due to their confidential nature, the SIPA data are exempt from the disclosure requirements at Quantitative Economics. However, an anonymized sample of the SIPA data are freely available online at https://www.trabajo.gob.ar/estadisticas/oede/mler.asp. The interested researcher may submit an academic research proposal to the Argentinian Ministry of Labor to obtain access to the SIPA data.

The second part of the paper is based on the household survey dataset EPH. For a detailed description of the EPH data, see https://observatorio.unr.edu.ar/encuesta-permanente-de-hogares-eph/. The interested researcher may download the EPH data directly at https://www.indec.gob.ar/indec/web/Institucional-Indec-BasesDeDatos (Informacion historica - Base Usuaria Ampliada EPH Puntual (1995-2003) and Microdatos y Documentos – Bases de microdatos (2003-2015)).


3. Code files: PART A

- _MASTER_GIDDP_ARG_Part_1.do: Master file for Part 1 of GID: Argentina.

- Data_Prep_RandomSample.do: Prepares the random sample of SIPA administrative data from Argentina.

- 0_Initialize.do: Initializes macros and settings.

- 1_Gen_Base_Sample.do: Generates the baseline sample.

- 2_DescriptiveStats.do: Computes descriptive statistics.

- 3_Inequality.do: Computes statistics pertaining to earnings inequality.

- 4_Volatility.do: Computes statistics pertaining to earnings volatility.

- 5_Mobility.do: Computes statistics pertaining to earnings mobility.

- 6_Insheeting_datasets.do: Pulls together summary statistics to be published as part of the GRID online database.

- 7_Paper_Figs.do: Prepares the random sample of SIPA administrative data from Argentina.

- myplots.do: Defines programs used to produce plots.

- myprogs.do: Defines programs used to compute statistics.

4. Code files: PART A+

- _MASTER_GIDDP_ARG_Part_1_Plus.do: Master file for Part 1+ of GID: Argentina.

- EPHMerge.do: Merges and cleans household survey in Argentina.

- CleaningCode.do: Applies similar data filters to the household survey in Argentina.

- 1_minimum_wage.do: Converts minimum wage into quarterly frequency.

- 2_panel_datav.do: Validates cross-sectional (CS) and longitudinal (L) administrative data against household survey data.

- 3_panel.do: Creates cross-sectional (CS) and longitudinal (L) statistics and figures.

- 4_panel_figs.do: Produces figures showing cross-sectional and longitudinal statistics.

- 5_descriptive_stats.do: Produces descriptive statistics for cross-sectional (CS) and longitudinal (L) data.

- panel_figs_progs.do: Creates programs that plot figures.

- panel_progs.do: Creates programs that compute statistics.


5. Code files: PART B


5.1. Preliminaries

Additional Stata command to install:

-ssc install carryforward
-ssc install tsspell
-ssc install reghdfe
-ssc install ftools
-ssc install gtools
-gtools, upgrade


5.2. Raw Data 

The folder “Part B/RandomSample/input” should contain two files:

1. Muestra Longitudinal Empleo Registrado_13.dta: Anonymized random sample from SIPA obtained from https://www.trabajo.gob.ar/estadisticas/oede/mler.asp. 

1. The variables in this file are:
· ide_trabajador           : worker id
· relation                        : match worker id-firm id
· sexo		  : gender
· fnac_anu                     : year of birth
· provi		: firm’s state
· letra		: Economic activity code
· r32			: 2-digits economic activity code
· r34 		               : 4-digits economic activity code  
· tr_anio_ini                 : firm’s start date by bracket of years
· tr_0496                      : firm’s size by workers in 96
· rtyyyymm	               : total labor by year (yyyy) and month (mm)	

2. MW.dta: Nominal minimum wage in Argentina.


5.3. Reproduce Section 6

1. Run “do/001_DataCleaning_RandomSample.do” with the options pathinit=”add here the path in your computer”, R=”N”, and name=”GID_RSample_.”
2. Run “do/002_Build_Dataset.do” with the options dataset=”Rsample”; and pathinit=”add here the path in your computer.”
3. Run “do/003_Build_Regwage.do” with the options dataset=”Rsample”; pathinit=”add here the path in your computer”; test_code = 0; and filter_reguw = 4. For the parameter in the break test use (lines 64-104): st_L   = 6 and

	Parameter
	Value
	Parameter
	Value

	st_ka
	0.4168
	st_kb
	0.3915

	st_kc
	0.3828
	st_kd
	0.4737

	st_ke
	0.4996
	st_kf
	0.4097

	st_kg
	0.4989
	st_kh
	0.4868

	st_ki
	0.4895
	st_kj
	0.5164

	st_kk
	0.4744
	st_kl
	0.4010

	st_km
	0.4811
	st_kn
	0.4309

	st_k0
	0.5010
	
	



4. Run ``do/FiltersRegular/ST_filter.m” with the options Tempfolder=”add here the path in your computer”; p.name=’GID_RSample’; test=’0’; p.Ka=41.68; p.robust=0, and L=6.
5. Run ``do/003_Build_ Regwage_LB.do ” with the options dataset=”Rsample”; pathinit=”add here the path in your computer”; test_code = 0; and filter_reguw = 4.
6. Run ``do/004_Compute_stat.do” with the options dataset=”Rsample”; file_name=” GID_RSample_KS_test_K41.68_L6_w_r,” and pathinit=”add here the path in your computer.” The folder “/results” contains all the results.
7. Run ``do/005_Do_Figures.do” with the options file_name=” GID_RSample_KS_test_K41.68_L6_w_r,” and pathinit=”add here the path in your computer.” The folder set in the global “path_figures” contains all the results.

  
5.4. Files description

The folder “Part B/RandomSample/do” contains five files:

1. 001_DataCleaning_RandomSample.do: Departs from “Muestra Longitudinal Empleo Registrado_13.dta” and generates “CleanRandomSample_x.dta” with x=1996,...,2015. 

· The variables in the output file “RandomSample_x.dta” are:
· date                     : date in year-month Stata format.
· cuil_trab            : worker id
· cuit_empl          : firm id (in random sample work-job spell id)
· remuner_total   : Nominal labor income
· gender                : male, female categorical variable
· public_worker   : workers in state and federal gov. (generated for compatibility)
· modalidad        : Type of contract (generated for compatibility)
· ciiu_4                 : 4-digits economic activity code 
· DOB	       : Date of birth in years
· The options in code are:
· pathinit (global)  : Add here the path in your computer
· R          (global)  : There are two option to run this code. Over a subsample 0.1% of the sample (option “Y”) or the entire sample (option “N”) 

2. 002_Build_Dataset.do: Departs from “RandomSample_x.dta” with x=1996,...,2015 if option is random sample. The codes generate “RandomSample_Prepped_Dataset.dta.”

· The output file  is independent if departing from SIPA or random sample. The variables are :
· date                    : date in year-month stata format.
· cuil_trab            : worker id
· cuit_empl          : firm id (in random sample work-job spell id)
· new_id               : firm-worker id
· wage                   : Nominal labor income
· gender                : male, female categorical variable
· ciiu_4                   : 4-digits economic activity code 
· first_or_last_obs: Dummy first and last month in job spell
· sector                  : 2-digits economic activity code
· year_age 	       : Age in years		
· min_wage_ind  : Dummy if half of minimum wage

· The options in code are:
· pathinit (global)  : Add here the path in your computer

3. 003_Build_Regwage.do: Departs from RandomSample_Prepped_Dataset. The code generates the regular wage for the Kehoe-Midrigan filter, Blanco filter, and Nakamura-Steinsson filter. In the case of the Stevens filter, it should be run with 003_Build_Regwage_LB.do. 

· If the option is filter_reguw =1,2, or 3, then variables in the output are:
· date                      : date in year-month stata format.
· new_id                 : firm-worker id.
· w_r                       : Nominal labor income.

· If the option is filter_reguw =4, the variables are:
· date _num          :date in year-month in integers.
· new_id                : firm-worker id.
· w_t                      : cleaned wage.
· K_par	       : sector specific parameter in the break code.

· The options in code are:
· pathinit (global)  	: Add here the path in your computer.
· test_code  and r_sample_size: test_code equal to 1 generates a random sample of size. If test_code=1, the codes does not generate a random sample.
· filter_reguw  	: 1=KehoeMidrigan, 2=Blanco , 3=Nakamura Steinsson, 4=Stevens
· IMPORTANT REMARK: If running option 4 (and only option 4), you should run this code. Then run the matlab code “FiltersRegular/ST_filter.m” and finally 003_Build_Regwage_LB.do.
· Options if filter_reguw =1: mk_a, mk_c, mk_l (see online appendix).
· Options if filter_reguw =2: bl_tiny, bl_l, bl_a, and bl_large (see online appendix).
· Options if filter_reguw =3: ns_l and ns_j (see online appendix).
· Options if filter_reguw =4: st_L and st_Ks, where s goes from “a” to “o”  (see online appendix).

4. 003_Build_Regwage_LB.do: Departs from “${name}Data_KS_test_K${st_Ka}_L${st_L}_w_r_`dec'.cvs“ where “name=Rsample_, st_Ka is the K parameter for the sector a, st_L is the L parameter, and `dec’ does from 1 to 10. The codes generate “${name}KS_test_K${st_Ka}_L${st_L}_w_r.dta” with similar description as the input file.

· The variables in the output are:
· date                     : date in year-month stata format.
· new_id                 : firm-worker id.
· w_r                    : Nominal labor income.

· The options in the code are:
· pathinit (global)  	: Add here the path in your computer.

5. 004_Compute_Stat.do: Departs from file_name="add here name of the files produced by 003". 

The folder “Part B/RandomSample/do/FiltersRegular” contains four main files:

· BC_filter.do: This code applies the filter of Blanco (2020) to the variable w_t.
· KM_filter.do: This code applies the filter of Kehoe and Midrigan(2015) to the variable w_t.
· NS_filter.do: This code applies the filter of Nakamura and Steinsson (2008) to the variable w_t.
· ST_filter.m: This code applies the filter of Stevens (2020) to the variable w_t.


5.5. Codes for estimating K in Stevens (2020)

The folder “Part B/RandomSample/do/estimation” contains two main files:

1. esti_001_GenerateSample.do: This code generates .cvs files to run the sectoral estimation. The inputs in this code are “GID_RSample_Prepped_Dataset.dta”. The outputs of this code are “CrossValidation_S.csv”, where S=1,2,…,15. 
· The variables in the output file are:
· cuil_trab     : Worker identification
· new_id2     : Worker-firm identification (starts from 1)
· date_num  : Numerical dates in month  
· agui             : Dummy variables =1 if months are June and December.
· lw_t             : log of wages
· dwage_r     : Wage inflation at sector-gender-year level.

2. run_estimation.m: This code computes the K parameter in the Break Test to match the model simulated frequency. The inputs in this code are “CrossValidation_S.csv”, where S=1,2,…,15. The outputs for this code are “calibpar_S.mat”, where S=1,2,…,15.
· The variables in the output file are:
· Calibpar: Estimated parameters from SMM
· K_opt: Value of K to match the frequency of wage change across sector
· mom_d: Moments of the wage change distribution in the data at sectorial level 
· mom_m: Moments of the wage change distribution in the model  at sectorial level
· moments: Evaluation of the K parameter.


5.6. Codes for producing the figures and tables

The folder “Part B/RandomSample/do” contains “005_Do_Figures.do” that produces all the figures in Part B of the paper. The folder “Part B/RandomSample/do/Tables” contains “Evaluation.m” that produces all the tables in Part B of the paper.

5.7. Robustness 

The folder “Part B/RandomSample/do/Robustness1” reproduces the analysis by splitting the sample into low- and high-inflation periods. The codes should be run in the same order as in the baseline analysis. The folder “Part B/RandomSample/do/Robustness2” produces additional figures in the Online Appendix.
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